INTRODUCTION
Since the early 1990s, States have worked at varying speeds to incorporate the principles and practices of managed care for their Medicaid populations. The hope has been that by changing the patterns of service utilization to emphasize preventive care and reduce providers' financial incentives to extend treatment unnecessarily, States would achieve improvements in health at lower cost. The lingering concern in managed care systems is that firms or doctors accrue cost savings for any service withheld, regardless of its benefit to consumers.
Concurrently, the Nation witnessed a great expansion in the volume of health care data collected and a reduction in the cost of data storage and processing. This reduction in research costs has provided hope that statistical analysis of policy changes will protect patient safety and provide a means of evaluating the consequences of system changes like the shift to managed care. Thus, efforts like the Health Plan Employer Data and Information Set (HEDIS ® ) program by the National Committee on Quality Assurance (NCQA) have emerged as a means of using existing data to monitor health insurance systems.
This article evaluates the effects of a switch to managed behavioral health care in Tennessee's Medicaid Program, focusing on the experiences of children between 4-17 years of age, in contrast to a State which remained FFS, Mississippi. The analyses adjust for other demographic characteristics that might explain variation over time. Our work represents an important contribution for several reasons. First, few State-level data analyses have examined behavioral health services, and fewer still have focused on children and adolescents. Second, the length of the time series for this analysis is 8 years.
Prior studies have tended to use at most 3 years, and typically only 1 or 2. This longer time perspective allows investigation of longterm trends in the Medicaid system. Third, our data cover the time period during which managed care started in earnest through Section 1115 waivers from the former Health Care Financing Administration.
BACKGROUND
Two decades of research on Medicaid have used claims, encounter, and enrollment data to examine the effects of changes in policy on service utilization and costs of treatment. A large portion of this work focused specifically on risk-adjustment and capitation ratesetting, a natural path because managed care was the dominant policy change of the past two decades and developing a budget-neutral yet profit-making set of capitation rates is the fundamental cost problem for States and managed care firms, respectively. Another focus of research with these data has been patterns of utilization among Medicaid enrollees. One branch has followed the economics literature and interest in demand for medical and mental health services (Manning et al., 1987) , while another assessed so-called performance indicators or benchmarks for service utilization as a basis for assuring quality of care and contract enforcement. Groups like the NCQA, which produces the HEDIS ® measures (National Committee for Quality Assurance, 2003) , and the Children's Mental Health Benchmarking Project (Perlman et al., 1999) examine differences in the rates of common services and assess patterns of service use in relation to standards of care (e.g., use of outpatient services following a hospital discharge). Similar efforts are supported through Federal agencies (Mental Health Statistics Improvement Program, 1996; Garnick et al., 2002) . While the ultimate research interests differ across these areas, common to them are fundamental questions about the probability of using services among different populations. Hutchinson and Foster (2002) reviewed the Medicaid managed behavioral health care literature as it pertains to children and concluded, with respect to service use outcomes, that managed care raised overall access (probability of service use), reduced use of inpatient services, increased use of case management care, and had ambiguous effects on the use of outpatient services. Much of the research they identified comes from the Massachusetts Medicaid Program (Dickey et al., 2001; Callahan et al., 1995) , with additional results from North Carolina (Burns et al., 1999) and Colorado (Catalano et al., 2000) . The General Accounting Office (U.S. General Accounting Office, 1999) found similar results for carve-out programs in four States, while more recent work examining Nebraska's behavioral health carve out (Bouchery and Harwood, 2003) and the Iowa (McCarty and Argeriou, 2003) and Maryland (Ettner, et al., 2003 ) managed substance abuse programs followed the trends identified by Hutchinson and Foster. TennCare, Tennessee's statewide managed care Medicaid 1115 waiver program, has received particular scrutiny, predominantly addressing medical care for specific types of diseases or services. However, no studies of TennCare have examined patterns of access and use among children with emotional and behavioral problems using data from the TennCare system. This study goes beyond existing research in the area of managed Medicaid research by examining a longer time series of youth in Medicaid than the studies reviewed by Hutchinson and Foster and the General Accounting Office. As a result we are able to examine longerterm trends in how each State's Medicaid system uses behavioral health services and managed care's effect on those trends.
METHODS

Design
Our analysis employs a quasi-experimental interrupted time-series non-equivalent no treatment control group design (Cook, Shadish, and Campbell, 2002) to assess the effect of managed care on measures of access to behavioral health services generally and to inpatient, specialty outpatient, and case management services in particular. We also focus on the effect of managed care on the mix of services children receive. The experimental condition is Medicaid managed care, represented here by Tennessee's TennCare program. Prior to January 1994, Tennessee operated a FFS Medicaid Program. From January 1994 to June 1996, TennCare operated a statewide full-risk capitated managed care program for all medical services under a Section 1115 waiver. Private sector behavioral health service providers were part of the capitation plan, but most behavioral health services in this time period, particularly State mental hospitals and community health centers, remained FFS. Beginning in FY 1997, TennCare carved out behavioral health services on a capitated basis to specialty behavioral health organizations. Because these transitions were universal and without an implementation timelag (e.g., switching a few counties at a time), we used data from Mississippi, which operated a statewide FFS system for its behavioral health care throughout the time period.
The principal benefits of this design are the longitudinal nature of the study and the presence of both pre-and post-intervention measures on the outcomes of interest. However, conclusions drawn from the analysis necessarily must be tempered by the limits of such a design. Use of Mississippi as a comparison group presupposes that the populations of the two States and the operations of their system were similar enough to permit attribution of changes over time to managed care and that no other State-specific interventions affected the program or its enrollees. Mississippi was selected initially because it was the only State in the southeast with a FFS system that could promise timely data access during the obser vation period. (Heflinger and Saunders, Forthcoming 2005) . In addition, our analyses control for observable pre-existing differences in the populations in the analysis. We will note one policy difference between the States in terms of case management in the Discussion section that we treat as part of Tennessee's managed care intervention.
Data
The analysis focuses on youth between age 4-17 years of age with service use and enrollment data between July 1993 and June 2001 (FYs 1994 . Enrollment and claims or encounter data come from the Bureau of TennCare and the Mississippi Division of Medicaid. The analysis restricted the claims/encounters used to those with a mental health or substance-related diagnosis (ICD-9-CM code 290 to 315 in the primary or secondary diagnosis). We further excluded records with a primary or secondary diagnosis of developmental delay (ICD-9-CM codes 316 to 319). Both systems use American Hospital Association uniform billing revenue codes, (1992 revision) for hospitalbased records and current procedural terminology (CPT) or HCFA common procedure coding system (HCPCS) codes for professional services.
The Bureau of TennCare receives all encounters from participating managed care organizations and behavioral health organizations. A State audit has documented the completeness of the data systems (Division of State Audit, 2002) , and further analysis details the completeness and accuracy of those data for behavioral services (Saunders and Heflinger, 2003) . The primary limitation in the TennCare data with respect to children and youth with emotional and behavioral problems is a gap in inpatient services reported between April 1995 and June 1996; however, those differences tended to affect lengths of stay rather than the probability of using services. The Mississippi data are nearly identical in structure and layout to the Tennessee data. Other researchers have used Mississippi's data system for analysis (Adams, Bronstein, and Raskind-Booth, 2002) .
Lastly, we have excluded ser vices financed through a Medicaid set-aside program for youth in State custody in Tennessee, which affects the presence of their residential and case management services in the TennCare data. Tennessee allowed youth in State custody to be enrolled in managed care firms, but the firms were not responsible for providing residential or case management services for these youth (Comptroller of the Treasury, 2002) . The State continued to finance these services on a FFS basis. We believe this exclusion is appropriate because the managed care companies do not determine State custody status for children, inhibiting dumping responses. Also, we allow children in State custody to contribute other services within each year (e.g., a child in State custody who uses outpatient behavioral health services; a child uses inpatient care while still living at home before entering custody). Finally, omitting these services maximizes the contrast between the States on the intervention variable, managed care. We will note the effects of this omission when discussing the results.
Analysis
We identified claims or encounters as relating to a behavioral health service through a combination of diagnostic codes and procedure codes and classified them into research service categories such as inpatient, individual therapy, and case management. These methods are described in detail in Saunders and Heflinger (2003) . For this analysis, we focused on overnight settings (inpatient, residential, and inpatient or residential detoxification), specialty outpatient services (individual therapy, partial hospitalization/day treatment, group therapy, family therapy), and case management. 1 Our analysis focuses on two key probability measures common to performance measurement and used in econometric estimates of demand for services. The first, access, measures the annual probability of using behavioral health services for individuals in the population. 2 This can be thought of as the unconditional probability of behavioral service use and is like the first-part of multi-part models of demand for services (i.e., whether a person receives a service). We also examine the unconditional probability of using each of our three types of services. That is, given that one is enrolled in Medicaid in a year, what is the probability of receiving an overnight service? The effects of covariates on such probabilities would be of actuarial benefit for ratesetting. Service mix measures refer to the conditional probability of using a particular type of service. That is, given that one receives any behavioral health service, what is the probability of using services of a given type. Just as the multi-part models of demand for services would estimate a probability model for whether a behavioral service user uses inpatient services or not, so we estimate the probability of using an inpatient service, as well as the separate conditional probabilities for specialty outpatient care and case management. We call them mix measures because they give a sense of the relative mix of services used by a person in treatment. If the inpatient mix (the proportion of users who receive inpatient care) rises we know that it is being used as a greater component of treatment for the population. 3 This allows examination of how the service system combines resources for patients seeking treatment of behavioral health disorders.
For the overall access analysis, we classified each person enrolled in Medicaid using a dummy variable for whether the person received any behavioral health services in a year for each of the 8 years of data. The unit of analysis is the personyear. We then pooled the person-year records for our two States and estimated a logistic regression for the probability of using any service, adjusting for the additional covariates described later. For the access analyses by type of service, we followed a similar method, classifying individuals as receiving services of a given type (i.e., overnight, specialty outpatient, case management) within the year or not and estimating a logistic regression for each of those probability measures. For the service mix analyses, we restricted the pool of individuals to those who used a behavioral health service within the year. Among these individuals, we created a dummy variable for each type of service, classified the youth according to whether a service of that type was used in that year, and estimated a logistic regression for each of those measures.
Our covariates include a dummy variable equal to 1 for Tennessee youth and 0 for Mississippi youth and a pre-post managed care dummy variable set equal to 1 for the years of managed care in Tennessee and 0 otherwise. Because managed behavioral health care occurs only in Tennessee in this study, we could not interact State with managed care; in essence, the managed care dummy is an interaction with the State dummy. The models use Huber-White adjusted standard errors for significance levels and hypothesis testing about the covariates.
For each outcome measure, we controlled for youths' race, sex, age, and Medicaid enrollment category. Because very few (<1 percent) minority enrollees are other than black enrollees, we dichotomized race as white versus minority, with white as the reference category. Sex has the usual dichotomy with male as the reference. We dropped individuals for whom we did not have a legitimate value for race or sex. We divided youth by age categories into 4-11 year olds and 12-17 year olds with younger children as the reference. As part of TennCare, the State added uninsured children (i.e., youth without private coverage through a parent's employer) and uninsurable children (i.e., youth with preexisting condition exclusions). Each State also had a small number of youth enrolled in State-specific categories that did not fit into the previously mentioned groups; we excluded these youth from the analysis. SSI served as the reference category in the analysis because there is likely more homogeneity across States in terms of their SSI population than in their povertyrelated populations due to the heterogeneity in welfare program generosity.
We included a linear time trend (YEAR), coding the first (SFY 1994) as 0 and incrementing subsequent years accordingly (SFY 1995 is YEAR=1, SFY 1996 is YEAR=2, etc.). This variable represents the effect of being enrolled in Medicaid in a particular FY on the probability that a child uses a behavioral health service (or a particular type of behavioral service).
A major concern for the analysis is whether the two States are sufficiently comparable to pool their data and estimate an effect of managed care. If the States have different structural determinants of service use, then we would expect different coefficients for the regressors using only the Tennessee or only the Mississippi data. We assessed the appropriateness of pooling using the Chow test (Greene, 1997) . To foreshadow the results, the Chow test rejects the null hypothesis for each analysis, indicating the States are different; however, we present both pooled and separate models by State to look at the magnitude of the managed care effect. Table 1 presents the size of the cohorts in each State for the study period. Although Tennessee has larger enrolled and treated populations, a greater percentage of Mississippi enrollees use behavioral health ser vices (Figure 1) . Table 2 describes the population of enrollees and behavioral health service users in each State in terms of the independent variables for our models for SFY 2000 (the results are similar for all years).
RESULTS
In terms of enrollees, the States are comparable in the proportion of youth who are female, teenagers, and enrolled through the AFDC/TANF program. The major differences are in the greater representation of minorities in Mississippi reflecting its greater proportion of black residents (41 versus 19 percent) in Census 2000. The differences in enrollment categories are due to the larger number of options available in Tennessee. Despite these differences, we see similar changes between the enrolled and treated population in the distribution for these variables. In both States, the proportion who are female, minority, or enrolled through other poverty programs declines, while the proportion who are teens, on SSI, or foster care rises.
The rest of this section discusses the managed care effect observed in the overall access probability and then the access and mix probabilities for overnight, specialty outpatient, and case management services. Because the magnitudes and directions of effects for the other covariates are similar across models, we will conclude this section by presenting results for the other covariates together.
Overall Access
The odds of using a behavioral health service within a year under managed care were about 6 percent less than in FFS during the time period of our data (Table 3) . Figure 1 shows the predicted probabilities for each State, evaluated at the means of the covariates. In terms of marginal probability, this implies a reduction in the probability of behavioral health service use of 0.004 (Figure 1 ), or about 4 treated individuals per 1,000 enrollees. However, looking at the Tennessee-only model, managed care led to a slight improvement in the odds of using a service. Thus, managed care may have improved access in Tennessee, but not enough to offset improvements that occurred in Mississippi's FFS system.
Overnight Ser vices
Managed care reduced the odds of using overnight care such as inpatient or residential treatment by 56 percent (Table 4) . The access reduction implied by this ratio is also 0.004 (Figure 2) , which, considering the probability of using overnight services is less than 0.01, is fairly large. Figure 2 shows the large reduction in overnight service use concurrent with the implementation of Tennessee's behavioral health carve-out. Among youth in treatment, too, managed care reduced the role of overnight services in treatment by over one-half. The odds of using overnight care conditional on any behavioral service use was 0.47, which corresponds to a probability reduction of 0.046. 
Specialty Outpatient Ser vices
The odds of a child within the Medicaid population using specialty outpatient care are 15 percent less under managed care (Table 5) . This corresponds to a reduction in the probability of using specialty outpatient services of 0.008 (Figure 3 ). Even among youth in treatment, youth in managed care have a reduced likelihood of using these services with an odds ratio of 0.915. In probability terms, this translates to a reduction of 0.022. Within Tennessee, we see a statistically insignificant decrease in access, but significant reduction in the mix of specialty outpatient among youth in treatment. Figure 3 shows the slight dip in both access and mix of this service coinciding with the behavioral health carve-out beginning in FY 1997.
Case Management Ser vices
We see the first positive effect of managed care on access in case management (Table 6 ). Youth in managed care had a 211-percent greater chance of using this service, an increase in probability of 0.05 (Figure 4 ). The effect is even larger when looking at those in treatment, where youth had 0.266 greater probability of using case management. In the Tennessee-only model, the effect is smaller than in the pooled results, but still large and positive. Figure 4 shows the large increase in the conditional probability of using this service (mix), and a less pronounced increase in access, beginning in FY 1997.
Effects of Other Covariates
In the overall access results (Table 3) held for both the pooled and separate estimates by State. The same pattern can also be seen in the mix of overnight services. However, the pattern does not hold for the mix of specialty outpatient care, as minority and female youth both have a greater chance of using this service once they are in treatment. Minority youth also have a greater chance of using case management once in treatment. The effects of being a teen on the mix of specialty outpatient and case management move closer to a unitary odds ratio, reflecting differences between the States as Mississippi was more likely to use this service for younger children while Tennessee was more likely to use it with teens. Looking at the effects of the different enrollment categories, youth in foster care had the greatest chance of accessing services overall and by service type, relative to youth on SSI. However, after entering treatment, children in the foster care category were less likely than children on SSI to use each of these services. One way to think of this is: A random child pulled from the roster of foster care Medicaid enrollees is more likely to use any of these services than one enrolled through SSI, but when we cut the roster to look at only those in treatment, the typical SSI enrollee has a better chance of using each type of service.
Youth in the AFDC/TANF and other poverty categories in both States were less likely than youth on SSI to access services overall and by type of service. This result holds for the separate by-State models. The odds ratios are similar in magnitude across service type, and the most poor youth (AFDC/TANF) have a consistently higher chance of receiving a service than the other poverty category. These results also hold in the mix analyses for outpatient and case management services, though their differences from SSI are of smaller magnitude (i.e., closer to 1.0). The Tennessee-specific categories are significantly less likely to access services across types of service, and in the access analyses, they are more comparable in magnitude to the poverty categories than SSI or foster care. However, among service users, the uninsured categor y uses overnight services at a rate comparable to SSI and only slightly less than SSI for specialty outpatient. The pattern of coefficients among these categories matches what one might expect. The uninsurable likely have poor health status, since their health status made them uninsurable in the first place, so they have the smallest difference from the SSI group, which consists of disabled youth. In fact, entry into an overnight facility was sometimes the mechanism for becoming enrolled in TennCare as an uninsurable. The medically needy/spend down group also has identified health problems, but they more closely resemble the poverty categories in ser vice use, perhaps because the reduction in household wealth qualifies one for this category. And, finally, the uninsured most resemble the poverty groups as they simply lack access to employer-sponsored coverage and cannot afford individual coverage. We tested the hypothesis that the coefficients for these three enrollment categories were equal to 1.0; for all the analyses, because of the large sample sizes, we reject the null hypothesis. Each State experienced positive annual growth in behavioral service access (with the exception of Tennessee's overnight services), all else equal. For the most part Mississippi's FFS system had a faster growth rate in access to these services (i.e., increased odds). In terms of service mix, the annual growth rate is negligible except for case management.
DISCUSSION
The results provide important information about the patterns of service utilization among children in the Medicaid population and the effects of managed care on these patterns. The logistic regressions offer evidence that managed care not only reduces access to behavioral services overall and both access to and mix of inpatient services, where the effect is most pronounced and prior research indicates it should be found (Hutchinson and Foster, 2002) , but it also may lead to reductions in specialty outpatient services as well. The decline due to managed care is seen not only in the access rate among enrollees, but also in the role of specialty outpatient services in the mix of services children received. This pattern is consistent with prior work studying this population (Saunders and Heflinger, 2003) and is due in part to large decreases in partial hospitalization, an expensive outpatient alternative to inpatient care, and steady decreases in individual therapy.
Nevertheless, the news is not all bad for managed care. Tennessee experienced significant positive increases in case management services, due in large part to special directives from the Bureau of TennCare to the behavioral health organizations to increase case management and increases in financial incentives to the firms beginning in FY 1998 for this service. Of course, such large increases tend to be more believable when the base rate for this service was so low initially-there was no place to go but up. We attribute this effect to managed care because one of the important aspects of the contracting process is the State's ability to exert market power, in this case by enforcing contractual service obligations.
Looking at the demographic characteristics, there is a consistent pattern of lower behavioral health care access among minority and female youth and greater access for teens across all of the service categories investigated. Disparities in access to behavioral health services for racial/ethnic minorities are of concern eral (LaVeist, 2002) and specifically to mental health services (Mayberry, Mili, and Ofili, 2002; Padgett et al., 1994; President's New Freedom Commission, 2003) . The greater identification of conduct disorders and other externalizing problems among males may ease entry to treatment for males, although such sex differences are narrowing. Also, male adolescents have been documented to use more overnight services (Halfon, Berkowitz, and Klee, 1992; Hoagwood and Cunningham, 1992) and concerns have been raised that this may be due, in part, to lack of resources to serve them in the community (Heflinger, Simpkins, and Foster, 2002) . It is similarly common for the treatment system to serve teens at a greater rate than primary and middle school-aged children (Cuffe et al., 2001) . While disparities between groups largely persist when we look at children in treatment, we notice a few important differences. First, the magnitude of the disparities decreases (i.e., moves closer to an odds-ratio of 1.0), suggesting that much of the disparity in observed use is likely due to barriers to treatment initiation rather than differences in how they are treated after entering the system. However, in some instances we see a reversal in the disparity: for example, minority youth in treatment in both States were more likely to be using case management ser vices than their white counterparts, a pattern that largely holds for specialty outpatient care as well. Some alternative hypotheses might explain these changes with respect to race, particularly for case management. One possibility is minority and white youth who have sought treatment differ in their severity levels. If minorities delay entry to treatment or face greater barriers to treatment, this may exacerbate their illness and require use of more services and require case management. However, if minorities were more functionally impaired once they entered treatment, we might expect higher rates of the overnight services compared with white minorities, and that was not the case. Another possibility is complications in responding to minorities' (or white) cultural patterns of service use. If minorities were more likely to use services in multiple systems, then case management might be reserved to handle these additional complexities. Alternatively, the system may have expectations of parental involvement in treatment such that parents bear the burdens of treatment coordination. Studies on this Medicaid population (Kang, Brannan, and Heflinger, Forthcoming 2005) and other samples of caregivers (Guarnaccia and Parra, 1996; Horwitz and Reinhardt, 1994; Stueve, Vine, and Streuning, 1997) have found that black family members tend to report lower levels of caregiver strain (i.e., burden of care). Perhaps black families are targeted for this type of assistance while white families are expected (by providers or themselves) to be more self-sufficient in their service coordination. Balsa and McGuire (2003) have presented a similar argument with respect to health disparities. However, we cannot rule out (or in) these alternatives completely with the present data because systematic, standardized outcomes data are not routinely collected among this population.
In the Medicaid categories, we saw a consistent pattern of lower access to behavioral health services among youth and greater access of foster care youth relative to youth on SSI. Given the disabilities of youth on SSI and even greater behavioral health issues involved with State custody placements that result in youth being in the foster care eligibility category, this access gradient is not too surprising. We also saw that the magnitude of effect for these variables in the mix analyses brought the odds-ratios closer to 1.0. This likely implies that youth in treatment tend to receive similar services; any financial savings to the firms most likely accrue through reductions in volume of service. The primary exception in these patterns was for foster care youth in overnight settings. This relates to our note in the Methods section about the set-aside program that placed these services outside the management purview of the contractors. The lower rate for foster care youth likely reflects the fact these children can obtain those services through other financing arrangements.
An important observation for Tennessee is the patterns of access and mix in the expansion enrollment categories (i.e., the uninsured and uninsurable) and the medically needy spend down categor y. In terms of access, children in these three enrollment categories made use of behavioral health services at relatively low rates, comparable to youth in the poverty-related categories. Once in treatment, however, their utilization rates for these services moved closer to the rates of SSI, just like we saw with children in the poverty categories. One of the major concerns in the TennCare program has been the cost of enrollment expansions to cover youth who are otherwise uninsurable or uninsured. This suggests their contribution to costs may not be entirely a matter of adverse selection by enrollees or dumping by employer-sponsored plans, at least with respect to children and behavioral health ser vices. So, if additional capitation requirements were necessary to finance care for these youth, the additional share attributable to behavioral health problems in this subpopulation is likely to be small.
Examination of the time trend variable, which expresses the annual rate of change in access and mix of behavioral services, reveals access to behavioral services generally improved over time in both States, but by a greater amount in Mississippi than in Tennessee. The trend to increased behavioral care is consistent with an increased focus in the mental health field on providing comprehensive, community-based behavioral health services during the 1990s (Fox et al., 1992) .
CONCLUSION
This study has presented important information on the effect that a switch to Medicaid managed care in one Southern State had on patterns of access to behavioral health services and their relative use by youth in treatment. The analyses document important ways in which managed care has shifted the relative use of resources and the services that youth in treatment receive.
An important limitation in most assessments of service utilization patterns and cost analyses is the lack of outcome data. Without outcomes data it is difficult to make population-level inferences about the appropriateness of behavioral service utilization or changes to utilization, financing arrangements, enrollment expansions or other policy interventions. This would be an important improvement to State data systems, monitoring efforts, and so-called report card systems. In addition, State agencies that contract with private managed care companies under 1115 or 1915 waivers are also responsible for monitoring and oversight. Standardized performance measures could be made publicly available and on a regular and timely basis, allowing policymakers, consumers, and health services researchers to evaluate how well the system, whether under a waiver or not, is meeting its goals. Without monitoring, those charged with contract enforcement or treatment responsibilities cannot know whether problems exist within the system. NCQA has advocated a similar position (National Committee for Quality Assurance, 2002) , and English and colleagues (1998) emphasized the need for monitoring in managed care.
In the present study, we saw the role that Tennessee's efforts in case management played in increasing this service. In addition to stepping up their own data monitoring efforts, the results of such analysis might provide opportunities to develop targeted 1915 waivers to address the needs of particular subgroups or modify practice patterns for particular ser vices. In Tennessee for example, the clustering of minorities in its major urban areas might afford special opportunities and efficiencies in providing treatment and preventive services to this population. This might also mean placing greater emphasis on recruiting minority providers and increasing cultural-awareness among existing practitioners. Alternatively, both States have large rural populations, and if service utilization differences reflected problems in provider networks (whether managed care or FFS) and travel costs (monetary and timewise) States may find opportunities to address unmet needs for the rural poor.
Regardless of how States respond, whether and how to respond should be informed by data analysis. While Medicaid data are far from perfect for evaluating services, and in many instances state data systems have problems, one way to improve them is to create demand for the by-products of these data.
